Online Appendix

A Simulations of all Grether models 2
A.1 Baseline model, 1 signal weight, p =0.5,4 =0.6, Maj. type . . . .. .. ... 2
A.2 Non-baseline models, 1 signal weight, p = 0.5,9 = 0.6, Maj. type . . . . . .. 6
A.3 Baseline model, 2 signal weights, confl. signal = any update in opposite

direction, p=0.5,4=0.6, Maj. type . . . . ... ... . ... L. 10
A.4 Baseline model, 2 signal weights, confl. signal = first 0 signal, p = 0.5,9 =

0.6, Maj. type . . . . . . . e 14
A.5 Non-baseline models, 2 signal weights, confl. signal = any update in oppo-

site direction, p = 0.5, = 0.6, Maj. type . . . . . ... ... ... L. 18
A.6 Non-baseline models, 2 signal weights, confl. signal = first 0 signal, p =

0.5,g=0.6,Maj. type . . . . . .. e 22
A.7 Baseline model, 1 signal weight, p =0.5,4 =0.6, Both types . ... ... .. 26
A.8 Non-baseline models, 1 signal weight, p = 0.5,9 = 0.6, Both types . . . . .. 30
A.9 Baseline model, 2 signal weights, confl. signal = any update in opposite

direction, p=0.5,4=0.6,Bothtypes. . . . . ... ... .... .. ...... 34
A.10 Baseline model, 2 signal weights, confl. signal = first 0 signal, p = 0.5,9 =

0.6, Bothtypes . . . . . . . . . 38
A.11 Non-baseline models, 2 signal weights, confl. signal = any update in oppo-

site direction, p = 0.5, = 0.6, Both types . . . . .. ... ... .. ... .. 42
A.12 Non-baseline models, 2 signal weights, confl. signal = first 0 signal, p =

0.5,q=0.6,Bothtypes. ... ... ... . ... .. ... 46
A.13 Baseline model, 1 signal weight, p =0.5,4 =0.8, Maj. type . . .. ... ... 50
A.14 Non-baseline models, 1 signal weight, p =0.5,4 = 0.8, Maj. type . . . . . . . 54
A.15Baseline model, 2 signal weights, confl. signal = any update in opposite

direction, p=0.5,g =0.8, Maj. type . . . . .. ... ... L. 58
A.16 Baseline model, 2 signal weights, confl. signal = first 0 signal, p = 0.5,9 =

0.8, Maj. type . . . . . . o i e 62
A.17 Non-baseline models, 2 signal weights, confl. signal = any update in oppo-

site direction, p = 0.5, =0.8, Maj. type . . . . . . . . ... ... 66
A.18 Non-baseline models, 2 signal weights, confl. signal = first 0 signal, p =

0.5,g=0.8,Maj. type . . .. ... ... e 70
A.19 Baseline model, 1 signal weight, p =0.5,4 = 0.8, Both types . . . . ... .. 74
A.20 Non-baseline models, 1 signal weight, p = 0.5,4 = 0.8, Both types . . . . . . 78
A.21 Baseline model, 2 signal weights, confl. signal = any update in opposite

direction, p=0.5, =0.8, Bothtypes. . . . . . ... ... ... .. ... .. 82
A.22 Baseline model, 2 signal weights, confl. signal = first 0 signal, p = 0.5,9 =

0.8, Bothtypes . . . . . . . .. 86
A.23 Non-baseline models, 2 signal weights, confl. signal = any update in oppo-

site direction, p = 0.5, =0.8, Both types . . . . . . ... ... ... ... .. 90
A.24 Non-baseline models, 2 signal weights, confl. signal = first 0 signal, p =

0.5,g=0.8,Bothtypes. ... ... ... . ... . . ... . 94



A Simulations of all Grether models

A.1 Baseline model, 1 signal weight, p = 0.5,q9 = 0.6, Maj. type
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Figure 1: Baseline model, 1 signal weight
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Figure 2: Baseline model, 1 signal weight
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Figure 3: Baseline model, 1 signal weight
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Figure 4: Baseline model, 1 signal weight
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A.2 Non-baseline models, 1 signal weight, p = 0.5,q = 0.6, Maj. type
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Figure 5: Non-baseline models, 1 signal weight
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Figure 6: Non-baseline models, 1 signal weight
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Figure 7: Non-baseline models, 1 signal weight
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Figure 8: Non-baseline models, 1 signal weight
Time series for {0,1,1,0}
Treatment: p = 0.5, =0.6
Maj. type

Model: 1 signal weight Model: 1 signal weight
Sequence {0,1,1} Sequence (0,1,_1,0}
p=0.5, q=0.6; Maj. type p=0.5, d=0.6; Maj. type
=] R ——pr
05 ‘:'3 et m :: et M
S Varofsio xt S Varofsio xt
04 06 -
<
03 S
5 04
02 |
pe
P 02
01 | Fa— K
6 o g,' o;
S s otfsl es e L
oo bAoA A A g a a-® . Ao A o~ 1 00 a2 R a Q. o T101 | | Ao a o a s A a1
B 0D 39 0D 29) 02 ) 08 o 19) 09455 00 (63 o1 15) 0B 8O) 0 g0 4O ) oD 39 0D 29) 02 ¢3) 0B 19) 09455 09 63 o1 g 15) 0B 8D 09 408 4O
090,071 03250210220 0716375 0087 07052009082 011017 080230 021092 092,071 0325 0210220 031037 00875 070520 090820 010175 0810800 0210920
00 0P e (31023077103 30 0 4 Qi 106 080 S 170 8 0 a0 S0 08 00> (3023072103 30 0 (05 10 S0 e S 18 S 100 0%
Posterior Posterior

(b)




A.3 Baseline model, 2 signal weights, confl. signal = any update in
opposite direction, p = 0.5,q = 0.6, Maj. type
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Figure 9: Baseline model, 2 signal weights, confl. signal = any update in opposite

direction
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Figure 10: Baseline model, 2 signal weights, confl. signal = any update in opposite
direction
Time series for {1,1,0,1}
Treatment: p = 0.5, = 0.6
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Figure 11: Baseline model, 2 signal weights, confl. signal = any update in opposite

direction
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Figure 12: Baseline model, 2 signal weights, confl. signal = any update in opposite
direction
Time series for {0,1,1,0}
Treatment: p = 0.5, = 0.6
Maj. type
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A.4 Baseline model, 2 signal weights, confl. signal = first 0 signal,
p =0.5,4 = 0.6, Maj. type

Figure 13: Baseline model, 2 signal weights, confl. signal = first 0 signal
Time series for {1,0,1,1}
Treatment: p = 0.5, = 0.6
Maj. type
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Figure 14: Baseline model, 2 signal weights, confl. signal = first 0 signal
Time series for {1,1,0,1}
Treatment: p = 0.5, = 0.6
Maj. type
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Figure 15: Baseline model, 2 signal weights, confl. signal = first 0 signal
Time series for {1,1,1,0}
Treatment: p = 0.5, = 0.6
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Figure 16: Baseline model, 2 signal weights, confl. signal = first 0 signal

Time series for {0,1,1,0}
Treatment: p = 0.5, =0.6
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A.5 Non-baseline models, 2 signal weights, confl. signal = any update
in opposite direction, p = 0.5, 9 = 0.6, Maj. type

Figure 17: Non-baseline models, 2 signal weights, confl. signal = any update in opposite
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Figure 18: Non-baseline models, 2 signal weights, confl. signal = any update in opposite
direction
Time series for {1,1,0,1}
Treatment: p = 0.5, = 0.6
Maj. type
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Figure 19: Non-baseline models, 2 signal weights, confl. signal = any update in opposite
direction
Time series for {1,1,1,0}
Treatment: p = 0.5, = 0.6
Maj. type
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Figure 20: Non-baseline models, 2 signal weights, confl. signal = any update in opposite
direction
Time series for {0,1,1,0}
Treatment: p = 0.5, = 0.6
Maj. type
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A.6 Non-baseline models, 2 signal weights, confl. signal = first 0 sig-

Fraction

Fraction

nal, p = 0.5,9 = 0.6, Maj. type

Figure 21: Non-baseline models, 2 signal weights, confl. signal = first 0 signal
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Figure 22: Non-baseline models, 2 signal weights, confl. signal = first 0 signal
Time series for {1,1,0,1}
Treatment: p = 0.5, = 0.6
Maj. type
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Figure 23: Non-baseline models, 2 signal weights, confl. signal = first 0 signal

Time series for {1,1,1,0}
Treatment: p = 0.5, = 0.6

Model: 2 signal weights, confl. signal = first 0 signal
Sequence {1}
p=0.5, g=0.6; Maj. type

Maj. type

Model: 2 signal weights, confl. signal = first 0 signal
Sequence {1,1}
p=0.5, q=0.6; Maj. type

[ observes - o0a || [ owsenvea =
] sovesion e sovesin
L @ Meanxt @ Meanxt
@ Mean xtsig @ Meanxtsig
© - Varofsig.xt 0 var.of sig. xt
o Mean x t-sig 03 r o Mean x t-sig
Mean xt ean xt
° Var. of sig. x t ° Var. of sig. x t
<
S s
°
8
T 02
01 M
.0
\ 8 1 8l 0
Q" \’_Ha' L 0.0 .8 Y ‘m\ 1 \’71ﬂ1—\ L
) 0 39) 02 25! 02 (39) o8 (s8) oS e-\ a\ ) 01 19) 08 (89) o9 (95) 4O ©) 0D 19) 0D 19) 0339 oM 89 oS 9) oM 19 08 ) o 09) 4O
o 02429 0225, oA 88 05 o N CEUN AR gt 032 0P 2" EREARYS 2 &) oM (1% 0% (8% 0 (99 4
5 5102 022103 202210 M Qo 220 5 5 510 .00 89 2% 5.0 5‘05‘05‘.05 05‘03‘04,‘ 51000005
o \““ RS o 0 102 e o 5570 o & o \01 8 0P o o \°° > 3 P> 2 RS e (e H e (o0 (oo
Posterior Posterior
Model: 2 signal weights, confl. signal = first 0 signal Model: 2 signal weights, confl. signal = first 0 signal
Sequence {1,1,1} Sequence {1,1,1,0}
_ p=0.5, g=0.6; Maj. type p=0.5, q=0.6; Maj. type
[ ossene €L 025 1 | 7] observea .
I eovesin ] eovesion
L ®— Meanxt @ Meanxt
@ Meanxtsig 020 | @ Meanx tsig
@ ver.of sig. xt @ var.ofsig. xt ° 1
© - Meanxtsig O Meanxtsig .
I ° Var. of sig. x ° far. of sig. x e
a.xt Cooms - Var. of sig. x t
s
8 +0l.
&
. © o
010 i "o
° o
I W@ 0.05
3 o ®
© A,Q ol o
o H g o Q@9 0 ‘
Annnnnnﬁggg LT 0.00 AQRODQQQ L A Q
) 39, 02675, 0235, oM 09 55, a\ &) oy s\ a\ ) 0999 1O ) 00039 02 25) 035 o s\ 9)5) o8¢ s\ 1\ 9) 0948 0990 3O
029 o N N N N o 0 92 g N o o 0252 o o190 02 g9 4!
H >3 5 5092 058 5. 25, o 505,905, 1919515, 51099
o \%° \V‘ R O R At \“ ©p1 HP s \07’ 0210 ©8 PP > P2 \“3 o A5 P8 ST (170 e (o
Posterior Posterior

()

24

(d)



Fraction

Figure 24: Non-baseline models, 2 signal weights, confl. signal = first 0 signal
Time series for {0,1,1,0}
Treatment: p = 0.5, =0.6
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A.7 Baseline model, 1 signal weight, p = 0.5,9 = 0.6, Both types
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Figure 25: Baseline model, 1 signal weight
Time series for {1,0,1,1}
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Figure 26: Baseline model, 1 signal weight
Time series for {1,1,0,1}
Treatment: p = 0.5, = 0.6
Both types

Baseline model: 1 signal weight
Sequence {1}
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Figure 27: Baseline model, 1 signal weight
Time series for {1,1,1,0}
Treatment: p = 0.5, = 0.6
Both types

Baseline model: 1 signal weight Baseline model: 1 signal weight
Sequence {1} Sequence {1,1}
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Figure 28: Baseline model, 1 signal weight
Time series for {0,1,1,0}
Treatment: p = 0.5, =0.6
Both types

Baseline model: 1 signal weight Baseline model: 1 signal weight
Sequence {0,1,1} Sequence {0,1,1,0}
p=0.5, =0.6; both types p=0.5, =0.6; both types
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A.8 Non-baseline models, 1 signal weight, p = 0.5, = 0.6, Both types
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Figure 29:
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Figure 30: Non-baseline models, 1 signal weight
Time series for {1,1,0,1}
Treatment: p = 0.5, = 0.6
Both types

Model: 1 signal weight Model: 1 signal weight
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Figure 31: Non-baseline models, 1 signal weight
Time series for {1,1,1,0}
Treatment: p = 0.5, = 0.6
Both types

Model: 1 signal weight Model: 1 signal weight
Sequence {1} Sequence {1,1}
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Time series for {0,1,1,0}
Treatment: p = 0.5, =0.6
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A.9 Baseline model, 2 signal weights, confl. signal = any update in
opposite direction, p = 0.5,9 = 0.6, Both types

Figure 33: Baseline model, 2 signal weights, confl. signal = any update in opposite
direction
Time series for {1,0,1,1}
Treatment: p = 0.5, = 0.6
Both types
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Sequence {1} Sequence {1,0
p=0.5, q=0.6; both types 06 p=0.5, q=0.6; both types
1 observed —ov
[ &= sayesion - T Bayesian =
0.6 @ Simulated @ Simulated
05
0s
04
04
< c
s s
F] FRCENS
= &
02
02
01 :" 01+ ; .
" nl{n
0o PSP S 1 1 1 1 N B S~ IS 0o japawere: A RIRIR NI
B 0D 39) 02 29) 0239 oM (1) 09 55) 0O () oM 1) 0D 85) 0 (99) 4O B oD 39 0D 129) 03 (3 oM 19) 0915 08 6D oD 1) 0B 85) 0D 99 4O
092 0 3% 02129 0230 0 85} 0950 0967 012 0 (85 02 (95 4! 092 0P 35) 02 25) 02 (30 oM (89 0957 08 (6% 0T o1%) 0B (ED) 0N 95 4
©% \“e‘:-\“\,‘ \v‘f’\vi‘ \“16\“-,‘ \“"6\“’A‘ \“A‘:\“y, \“y;:\“g,‘ \“bﬁ\“j‘\“jﬁ\“y,, \ey,‘h\eg, \ega‘ ©% \“0‘)\“x- \“x‘»\“l- \“1‘»\“3- \“a‘»\“a. \M"‘\e"' \“6‘:\“@- \“a‘»\“m \“w‘:\“e‘ \“e‘w\“w \“q‘»
Posterior Posterior
Baseline model: 2 signal weights, confl. signal = any update in opposite direction Baseline model: 2 signal weights, confl. signal = any update in opposite direction
Sequence {1,0,1} Sequence {1,0,1,1}
p=0.5, q=0.6; both types p=0.5, q=0.6; both types
——1 observed ———1 Observed
[ Soyesian 7 03 [ D Bayesian =
@ Simulated ®— simulated
04
03 02
< / c
S 4 2
& |4 i ]
& i Y =
02 j °
01
01 °
H H I
90 .
olaewwomaaat LB o L vl Qe aaoe? OLILILLILITTRG

69,0439, 02419 023 08 1 0N SN 09 6N AN IR 0D o) 0N o) 1O 89, 09439, 0D429, 0243, 08 19, 0905 09 6N 0N 1% 09 (I 0N (I 1O
S ©

0%, 3 . . 3 A . . . 09%. 3 3 3 3 3 8 8 8
©0 M e3P I3 3 A A1 (P50 (PP T 1% e% e ©0 > 372 B P (0812 (5100 (17 (1% P (e

Posterior Posterior

(c) (d)

34



Fraction

Fraction

Figure 34: Baseline model, 2 signal weights, confl. signal = any update in opposite

direction
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Figure 35: Baseline model, 2 signal weights, confl. signal = any update in opposite

direction

Time series for {1,1,1,0}
Treatment: p = 0.5, = 0.6
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Figure 36: Baseline model, 2 signal weights, confl. signal = any update in opposite
direction
Time series for {0,1,1,0}
Treatment: p = 0.5, = 0.6
Both types
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A.10 Baseline model, 2 signal weights, confl. signal = first 0 signal,
p =0.5,9 = 0.6, Both types

Figure 37: Baseline model, 2 signal weights, confl. signal = first 0 signal
Time series for {1,0,1,1}
Treatment: p = 0.5, = 0.6
Both types

Baseline model: 2 signal weights, confl. signal = first 0 signal
Sequence {1}
p=0.5, d=0.6; both types
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Figure 38: Baseline model, 2 signal weights, confl. signal = first 0 signal
Time series for {1,1,0,1}
Treatment: p = 0.5, = 0.6
Both types
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Figure 39: Baseline model, 2 signal weights, confl. signal = first 0 signal
Time series for {1,1,1,0}
Treatment: p = 0.5, = 0.6
Both types
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Figure 40: Baseline model, 2 signal weights, confl. signal = first 0 signal
Time series for {0,1,1,0}
Treatment: p = 0.5, =0.6
Both types
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A.11 Non-baseline models, 2 signal weights, confl. signal = any up-

Figure 41: Non-baseline models, 2 signal weights, confl. signal = any update in opposite
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Figure 42: Non-baseline models, 2 signal weights, confl. signal = any update in opposite
direction
Time series for {1,1,0,1}
Treatment: p = 0.5, = 0.6
Both types
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Figure 43: Non-baseline models, 2 signal weights, confl. signal = any update in opposite
direction
Time series for {1,1,1,0}
Treatment: p = 0.5, = 0.6
Both types
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Figure 44: Non-baseline models, 2 signal weights, confl. signal = any update in opposite
direction
Time series for {0,1,1,0}
Treatment: p = 0.5, = 0.6
Both types

Model: 2 signal weights, confl. signal = any update in opposite direction Model: 2 signal weights, confl. signal = any update in opposite direction
Sequence {0,1,1} Sequence {0,1,1,0}
p=0.5, =0.6; both types p=0.5, =0.6; both types
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A.12 Non-baseline models, 2 signal weights, confl. signal = first 0 sig-
nal, p = 0.5,9 = 0.6, Both types

Figure 45: Non-baseline models, 2 signal weights, confl. signal = first 0 signal
Time series for {1,0,1,1}
Treatment: p = 0.5, = 0.6
Both types

Model: 2 signal weights, confl. signal = first 0 signal Model: 2 signal weights, confl. signal = first 0 signal
Sequence {1} Sequence {1,0}
p=0.5, d=0.6; both types 06 p=0.5, g=0.6; both types
o6 | [ omsenes o ] omsenves L
I eovesin ] eovesin
@ Meanxt 05 - @ Meanxt
0s | © - Meanx tsig @ Mean xtsig
@ Var.of sig. xt © - Varofsig.xt
©  Meanxtsig 04 ©  Meanxtsig
04 - o Wiidext o Uidant
< <
s S
kS RN
8 3
£ 03 88 &
P Ol
02 H
02 | v
2] ®
o Y
01 F 01
00 o HH\H\“WT\’_‘ : 00 ‘[g] ! =
B) 02 39) 0D (29 ¢33 o s\ s\ 5) 09 ) o119 o8 8) o9 o9 4O 51 oM 939 02419 07139 oM a9 09 5B 09 ) oM 19 0B g o9 g 3O
“ﬁu“\n“in“3n“|\ng5ngang1BQB%QQ\ Qnuexoezoeageugeageboewgesgws
©0 (P> (370 2702 P37 * (P42 (0570 (P11 " ©9 3 (372 02 270 * (20 (578 P8 1P (P o
Posterior Posterior
Model: 2 signal weights, confl. signal = first 0 signal Model: 2 signal weights, confl. signal = first 0 signal
Sequence {1,0,1} Sequence {1,0,1,1}
p=0.5, q=0.6; both types p=0.5, q=0.6; both types
05+ [ osenves ° 03 || [ owsenes us
[ sevesian ° [ savesion
®— Meanxt M @ Meanxt
@ Meanxtsig @ Mean xtsig
04
@ Var.of sig. xt ° @ Var of sig. xt
©  Meanxtsig O Meanxtsig .
Mean x E ean x
©  Vaeiext 02 O Voo xt
5 oaf 5
g g
& &
02
01
01
ol fgl i
00 (@‘Q!_\ . 00 Binneo.lolgugegg Ul
o 0‘35 2039 02429 n';\ 3‘;\50?3‘5\2}) “?:“52\ nz\a‘g,) n?@% n?;me‘;}) oy 9‘9 A0 0“05 02 3% 02 2% \3?: 3‘;‘53‘;‘“‘;‘5 32“6‘:}) “2“"2& 311‘“12‘6 aﬁgﬁs‘g‘) a:\ 99 A0
0 P> PP 10> e (o ies 5 e (17 8 ©8 o a1 (2702 PP o (01105 (5570 011 (9170 9P
Posterior Posterior

(c) (d)

46



Fraction

Fraction

Figure 46: Non-baseline models, 2 signal weights, confl. signal = first 0 signal
Time series for {1,1,0,1}
Treatment: p = 0.5, = 0.6
Both types
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Figure 47: Non-baseline models, 2 signal weights, confl. signal = first 0 signal
Time series for {1,1,1,0}
Treatment: p = 0.5, = 0.6
Both types
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Figure 48: Non-baseline models, 2 signal weights, confl. signal = first 0 signal
Time series for {0,1,1,0}
Treatment: p = 0.5, =0.6
Both types
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A.13 Baseline model, 1 signal weight, p = 0.5,9 = 0.8, Maj. type
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Figure 49: Baseline model, 1 signal weight
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Figure 50: Baseline model, 1 signal weight
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Figure 51: Baseline model, 1 signal weight
Time series for {1,1,1,0}
Treatment: p = 0.5,4 =0.8
Maj. type
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Figure 52: Baseline model, 1 signal weight

Time series for {0,1,1,0}
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A.14 Non-baseline models, 1 signal weight, p = 0.5,9 = 0.8, Maj. type
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Figure 53: Non-baseline models, 1 signal weight
Time series for {1,0,1,1}
Treatment: p =0.5,4 = 0.8
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Figure 54: Non-baseline models, 1 signal weight
Time series for {1,1,0,1}
Treatment: p = 0.5,4 =0.8

Model: 1 signal weight
Sequence {1}
.5, q=0.8; Maj. type
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Figure 55: Non-baseline models, 1 signal weight
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Figure 56: Non-baseline models, 1 signal weight
Time series for {0,1,1,0}
Treatment: p = 0.5, =0.8
Maj. type
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A.15 Baseline model, 2 signal weights, confl. signal = any update in
opposite direction, p = 0.5,9 = 0.8, Maj. type

Figure 57: Baseline model, 2 signal weights, confl. signal = any update in opposite
direction
Time series for {1,0,1,1}
Treatment: p = 0.5, = 0.8
Maj. type
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Figure 58: Baseline model, 2 signal weights, confl. signal = any update in opposite

0.0

direction

Time series for {1,1,0,1}
Treatment: p = 0.5,4 = 0.8
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Figure 59: Baseline model, 2 signal weights, confl. signal = any update in opposite
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Figure 60: Baseline model, 2 signal weights, confl. signal = any update in opposite
direction
Time series for {0,1,1,0}
Treatment: p =0.5,4 = 0.8
Maj. type
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A.16 Baseline model, 2 signal weights, confl. signal = first 0 signal,
p =0.5,q9 = 0.8, Maj. type

Figure 61: Baseline model, 2 signal weights, confl. signal = first 0 signal
Time series for {1,0,1,1}
Treatment: p = 0.5,4 = 0.8
Maj. type
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Figure 62: Baseline model, 2 signal weights, confl. signal = first 0 signal
Time series for {1,1,0,1}
Treatment: p = 0.5,4 =0.8
Maj. type
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Figure 63: Baseline model, 2 signal weights, confl. signal = first 0 signal
Time series for {1,1,1,0}
Treatment: p = 0.5,4 =0.8
Maj. type
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Figure 64: Baseline model, 2 signal weights, confl. signal = first 0 signal
Time series for {0,1,1,0}
Treatment: p = 0.5, =0.8
Maj. type
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A.17 Non-baseline models, 2 signal weights, confl. signal = any up-
date in opposite direction, p = 0.5,9 = 0.8, Maj. type

Figure 65: Non-baseline models, 2 signal weights, confl. signal = any update in opposite
direction
Time series for {1,0,1,1}
Treatment: p = 0.5, = 0.8
Maj. type
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Figure 66: Non-baseline models, 2 signal weights, confl. signal = any update in opposite
direction
Time series for {1,1,0,1}
Treatment: p = 0.5,4 = 0.8
Maj. type
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Figure 67: Non-baseline models, 2 signal weights, confl. signal = any update in opposite
direction
Time series for {1,1,1,0}
Treatment: p = 0.5,4 = 0.8
Maj. type

Model: 2 signal weights, confl. signal = any update in opposite direction Model: 2 signal weights, confl. signal = any update in opposite direction
Sequence {1} Sequence {1,1}
p=0.5, q=0.8; Maj. type p=0.5, q=0.8; Maj. type
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Figure 68: Non-baseline models, 2 signal weights, confl. signal = any update in opposite
direction
Time series for {0,1,1,0}
Treatment: p =0.5,4 = 0.8
Maj. type

Model: 2 signal weights, confl. signal = any update in opposite direction Model: 2 signal weights, confl. signal = any update in opposite direction
Sequence {0,1,1} Sequence {0,1,1,0}
p=0.5, q=0.8; Maj. type p=0.5, d=0.8; Maj. type
[ observea . 08 | [ observea .
[ savesian [ savesion
03 @ Meanxt @ Meanxt
@ Mean xtsig @ Mean x tsig
© - Varofsig.xt © - Varofsig.xt
06
O Meanxtsig @ Meanxtsig
0 Ufext ° 0 Ui xt
§o2f H
© N 3
£ / g o) 2 oa
] [l ,-g
oo 1%/ [0
01 - Q‘
i 3 02
| e il At | bmamam. .=
00 Attt RERS L DL 00 ~rezA8TOIY | e @ A A
B) 02 439) 0229 02 3) 08 15) 09 ) 08 o) o1 08 85) 09 95 1O B) oM 139) oD 129 0335 oM 49) 09 () 08 () o119 0B 85) 09 g05) O
092 0N 35) 02125 03 35) o8 %) 02 (5% 0965 oM 15 0B (23 0N (9% 092 0N 135) 021025 0335 o 4% 09 (5% 0960 oM 15 0B (23 0 (9% 4!
00 0T e (3023077103 30 0 4 QR0 106 S0 e S0 8 0 100 30 00 0P E> (3023022103 30 0 (R0 10 S0 e S 18 S 100 30
Posterior Posterior

) (b)

69



A.18 Non-baseline models, 2 signal weights, confl. signal = first 0 sig-
nal, p = 0.5, = 0.8, Maj. type

Figure 69: Non-baseline models, 2 signal weights, confl. signal = first 0 signal
Time series for {1,0,1,1}
Treatment: p = 0.5,4 = 0.8
Maj. type

Model: 2 signal weights, confl. signal = first 0 signal Model: 2 signal weights, confl. signal = first 0 signal
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Figure 70: Non-baseline models, 2 signal weights, confl. signal = first 0 signal
Time series for {1,1,0,1}
Treatment: p = 0.5,4 =0.8
Maj. type
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Figure 71: Non-baseline models, 2 signal weights, confl. signal = first 0 signal
Time series for {1,1,1,0}
Treatment: p = 0.5,4 =0.8

Model: 2 signal weights, confl. signal = first 0 signal
Sequence {1}
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Model: 2 signal weights, confl. signal = first 0 signal
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Figure 72: Non-baseline models, 2 signal weights, confl. signal = first 0 signal
Time series for {0,1,1,0}
Treatment: p = 0.5, =0.8
Maj. type

Model: 2 signal weights, confl. signal = first 0 signal Model: 2 signal weights, confl. signal = first 0 signal
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A.19 Baseline model, 1 signal weight, p = 0.5, = 0.8, Both types

Figure 73: Baseline model, 1 signal weight
Time series for {1,0,1,1}
Treatment: p =0.5,4 = 0.8
Both types

Baseline model: 1 signal weight Baseline model: 1 signal weight
Sequence {1} Sequence {1,0}
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Figure 74: Baseline model, 1 signal weight
Time series for {1,1,0,1}
Treatment: p = 0.5,4 =0.8

Baseline model: 1 signal weight
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p=0.5, g=0.8; both types
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Figure 75: Baseline model, 1 signal weight
Time series for {1,1,1,0}
Treatment: p = 0.5,4 =0.8

Baseline model: 1 signal weight
Sequence {1}
p=0.5, g=0.8; both types
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Figure 76: Baseline model, 1 signal weight
Time series for {0,1,1,0}
Treatment: p = 0.5, =0.8
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A.20 Non-baseline models, 1 signal weight, p = 0.5,4 = 0.8, Both types

Figure 77: Non-baseline models, 1 signal weight
Time series for {1,0,1,1}
Treatment: p =0.5,4 = 0.8
Both types
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p=0.5, =0.8; both types p=0.5, g=0.8; both types
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Figure 78: Non-baseline models, 1 signal weight
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Figure 79: Non-baseline models, 1 signal weight
Time series for {1,1,1,0}
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Figure 80: Non-baseline models, 1 signal weight
Time series for {0,1,1,0}
Treatment: p = 0.5, =0.8
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A.21 Baseline model, 2 signal weights, confl. signal = any update in
opposite direction, p = 0.5, = 0.8, Both types
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Figure 81: Baseline model, 2 signal weights, confl. signal = any update in opposite

direction

Time series for {1,0,1,1}
Treatment: p = 0.5, = 0.8
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p=0.5, q=0.8; both types
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Figure 82: Baseline model, 2 signal weights, confl. signal = any update in opposite
direction
Time series for {1,1,0,1}
Treatment: p = 0.5,4 = 0.8
Both types
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Figure 83: Baseline model, 2 signal weights, confl. signal = any update in opposite

direction
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Figure 84: Baseline model, 2 signal weights, confl. signal = any update in opposite
direction
Time series for {0,1,1,0}
Treatment: p =0.5,4 = 0.8
Both types

Baseline model: 2 signal weights, confl. signal = any update in opposite direction Baseline model: 2 signal weights, confl. signal = any update in opposite direction
Sequence {0,1,1} Sequence {0,1,1,0}
p=0.5, d=0.8; both types p=0.5, =0.8; both types
[ observed [ obsenvea
025 | B Bayesin - [ Bayesion =
® — Smuiated ®— Simuiated
06
020
01s 50T
4O ° E
o =
010 Lol /
.o ® ik
4 02 ; h
g ® N
0.05 o ‘.
d ¢
d ] [1LIR fat »
0.00 PP S S I Y 00 e m Il em. .mmm s om .

) 03 39) 02 429) 63 g39) 0N g a5) 09 55! 0965} 0T 15) B e8) oD (B) 4O ) oM 015} 0D 29! 02 g30) oM g 89) 69 B) 08 () oM 15! B (gD 4N 99 O
005 039 0D 29 0239 oM (49) 0B (5) 0 () oM 15 085 999D 092 02 3%) 021 (25) 0235 oM (15} 02 (5% 09 6% 0T 1%) 0P (8} 09 (B 3
©0 0> 303707 307503 00+ QR0 Q57106 011 S0 170 s 0 00 0% 00 P> Q32103 Q22102 Q204 Q22105 Qs 0 o Qo ia T Q1210 8 Q100 S0
Posterior Posterior

) (b)

85



A.22 Baseline model, 2 signal weights, confl. signal = first 0 signal,
p =0.5,9 = 0.8, Both types

Figure 85: Baseline model, 2 signal weights, confl. signal = first 0 signal
Time series for {1,0,1,1}
Treatment: p = 0.5,4 = 0.8
Both types
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Figure 86: Baseline model, 2 signal weights, confl. signal = first 0 signal
Time series for {1,1,0,1}
Treatment: p = 0.5,4 =0.8
Both types
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Figure 87: Baseline model, 2 signal weights, confl. signal = first 0 signal

Time series for {1,1,1,0}
Treatment: p = 0.5,4 =0.8

Baseline model: 2 signal weights, confl. signal = first 0 signal
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Figure 88: Baseline model, 2 signal weights, confl. signal = first 0 signal
Time series for {0,1,1,0}
Treatment: p = 0.5, =0.8
Both types
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A.23 Non-baseline models, 2 signal weights, confl. signal = any up-
date in opposite direction, p = 0.5, = 0.8, Both types

Figure 89: Non-baseline models, 2 signal weights, confl. signal = any update in opposite
direction
Time series for {1,0,1,1}
Treatment: p = 0.5, = 0.8
Both types
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Figure 90: Non-baseline models, 2 signal weights, confl. signal = any update in opposite
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Figure 91: Non-baseline models, 2 signal weights, confl. signal = any update in opposite
direction
Time series for {1,1,1,0}
Treatment: p = 0.5,4 = 0.8
Both types

Model: 2 signal weights, confl. signal = any update in opposite direction Model: 2 signal weights, confl. signal = any update in opposite direction
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Figure 92: Non-baseline models, 2 signal weights, confl. signal = any update in opposite
direction
Time series for {0,1,1,0}
Treatment: p =0.5,4 = 0.8
Both types
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A.24 Non-baseline models, 2 signal weights, confl. signal = first 0 sig-
nal, p = 0.5,9 = 0.8, Both types

Figure 93: Non-baseline models, 2 signal weights, confl. signal = first 0 signal
Time series for {1,0,1,1}
Treatment: p = 0.5,4 = 0.8
Both types

Model: 2 signal weights, confl. signal = first 0 signal Model: 2 signal weights, confl. signal = first 0 signal
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Figure 94: Non-baseline models, 2 signal weights, confl. signal = first 0 signal

Time series for {1,1,0,1}

Treatment: p = 0.5,4 =0.8
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Figure 95: Non-baseline models, 2 signal weights, confl. signal = first 0 signal
Time series for {1,1,1,0}
Treatment: p = 0.5,4 =0.8
Both types

Model: 2 signal weights, confl. signal = first 0 signal Model: 2 signal weights, confl. signal = first 0 signal
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Figure 96: Non-baseline models, 2 signal weights, confl. signal = first 0 signal

Time series for {0,1,1,0}
Treatment: p = 0.5, =0.8
Both types

Model: 2 signal weights, confl. signal = first 0 signal
Sequence {0,1,1}
p=0.5, d=0.8; both types
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